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Visual Cues @

Brow lowerer,
Lip stretcher

Visual Emotion @

Disappointment, Frustrarion,
Sadness, Loss

v

Conflict!

0
Audio Cues Y

"She recognizes other
people... Why is that?"

Audio Emotion @

Neutral, Confusion,
Curiosity

X

(a) Visual-Aligned Sample

VRS R
W8 - IRAE
2455 /

PEEHE
ESTH R
it

Bix: iHRBERR

Multimodal Emotion Reasoing

In the video, a man with glasses and a beard is sitting in a chair, looking downward,
Emotion-LLaMA and his facial expression is neutral, with a slight furrowed brow, the tone and
intonation of his voice are normal. The combination of his neutral facial expression,
normal tone, and straightforward language suggests that the man is likely feeling a
@ x sense of curiosity or confusion, rather than any strong emotions. His tone and
words imply a sense of inquiry, rather than emotional distress.

Neutral, Curiosity

MoSEAR In the video, a man sits at a desk, displaying a serious expression (brow lowerer and

lip stretcher) and a negative tone, questioning, "However, she has memories of

Disappointment,Longing  others, why doesn't she know me." This suggests that he is experiencing a sense of
@ J disappointment, frustration, or sadness, likely due to a sense of loss or longing.

(b) Comparison between Emotion-LLaMA and MoSEAR (ours) I g Imr:-g
=i

Emotion-LLaMA MoSEAR (F3)
SEEES — R¥ARE SFEGSIRSIER — iRAES

i stz Benchmarking and Bridging Emotion Conflicts
F—RSRRE RIS TER R for Multimodal Emotion Reasoning.

Z. Han, B. Zhu, Y. Xu, P. Song, and X. Yang.

Proceedings of ACM MM '25
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| CA-MER Benchmark

BHEEARKI 9 Sovideo-aligned, audio-aligned;$ize3s

Unimodal and Multimodal Emotion Labeling

GPT-40 video cues
video & labels

B Emotion multimodal
o LLaMA emotions

il
audio cues

T GPT-40- i
audio audio & labels

video-aligned

In the visual clue, the character's raised eyebrows, furrowed brow, and
slightly narrowed eyes suggest concern and worry. In contrast, the audio
clue reveals a , matter-of-fact tone. Textually, the subtitles describe a
mundane family activity—eating dumplings—with the statement, "We are
all fine," reinforcing . These elements present
a contradiction: the visual display of concern versus the audio and textual
suggestion of normalcy. The character's worried expression might stem
from personal issues unrelated to the event being discussed or concern
over how the news affects him. Thus, despite the audio and subtitles
indicating calmness, the visual cues lead to a conclusion of worry.

3= 1

500 SFiITNES,

Majority Voting

video video-aligned
emotions label
I~ multimodal consistent
Manual emotions label
Check
audio audio-aligned
emotions label

Hconsistent—&3&

Multimodal Emotion Reasoning Generation

)
video cues —»
Multimodal
GPT-40
label s Merge ™ Emotion
Reasoning
audio cues —>
—

(a) Pipeline of our CA-MER benchmark generation

consistency

4

The visual clue reflects anger through tightly furrowed eyebrows, widened
eyes conveying intensity, and a tense mouth that likely accompanies

. This physical tension aligns strongly with anger.
The audio clue further supports this emotional state, as the sharp,
commanding tone and raised voice demonstrate heightened intensity and
frustration, both hallmarks of anger. The textual subtitle, "What are you
shouting about,"suggests a confrontational or annoyed dynamic in context.
Together, the strong visual and audio cues dominate and align with the
emotional tone of anger.

audio-aligned

16 e e
|

i |

The visual clue shows the main character transitioning from neutrality to
skepticism. However, the audio clue reveals a more intense emotional
state, characterized by an accusatory and confrontational tone, indicating

. The rhetorical question in the subtitle underlines disbelief and
frustration. The inconsistency arises from the visual's contemplative
ending, which contrasts with the stronger anger felt in the audio and text.
Considering the and the , the
overall emotional state is 5

(b) Samples of the three subsets of our CA-MER

B4MFEE 500

| B4R

Video-Aligned 5 Audio-Aligned =

m Video-Aligned m Audio-Aligned

70.00
59.94
60.00 57.51
50.00 47.66
40.00
ViTA1.5 Emotion-LLaMA

TR A RRRINEE,
BREIRSKIRBE S KRS
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Video UAP
0.151 o + 0.154 10673 o
.g S 647 —e— Video-aligned
= g 62 - Audio-aligned
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Layer Index Token Index Number of Audio Tokens
(@) UAP, vs UAP, in MLLM middle layers (b) Per-token attention weight analysis (c) Impact of audio token count
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| AR: HIEMERER
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Algorithm 1 Pipeline of Attention Reallocation (AR)

Given: original attention weights w, threshold 7
Compute layer-level ratlo c%% via Eq. (6)
if c(w) > 7 rem el

1:

2:

3 ey S
4: for h € [H] do ERE
5: Compute head-level rm (5)

6:

7:

8:

9

if ¢ (w) > c(co) then

Update w; via Eq. (12) and Eq¥T3) %ﬁfggﬁﬁ
else

: Update w), = o - FEHESE:
- end if FRISESE
11: end for
12: else
13: Update o’ = w
14: end if

15: Return: reallocated attention weights «’

£ Attention (I IEHEARSINTE
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Table 1: Performance (%) of emotion reasoning on CA-MER. “Acc” and “Rec.” denote accuracy and recall, respectively.

Video-Aligned Audio-Aligned Consistent Overall
Model Modality | Acc. Rec. Avg. | Acc. Rec. Avg. | Acc. Rec. Avg. | Acc. Rec. Avg.
SALMONN [67] A+T 2937 22,56 2597 | 5335 34.19 43.77 | 47.72 3853 43.13 | 4348 31.76 37.62
mPLUG-Owl3 [78] V+T 40.71 42.01 4136 | 41.08 41.01 41.04 | 49.29 39.08 44.18 | 43.69 40.70 42.19
Chat-UniVi [30] V+T 43.43 4242 4292 | 4228 3631 3930 | 50.38 4595 48.16 | 4536 4156 43.46
Vital.5 [16] A+V+T 4936 46.60 47.98 | 57.51 4815 52.83 | 57.17 52.52 54.84 | 54.68 49.09 51.88
Emotion-LLaMA [9] A+V+T 47.66 5145 49.56 | 59.94 51.63 55.78 | 59.23 63.80 61.52 | 55.61 55.63 55.62
MoSEAR A+V+T 58.42 54.28 56.35 | 65.33 55.26 60.30 | 67.68 65.87 66.77 | 63.81 58.47 61.14

Overall Acc

63.81

% Emotion-LLaMA 127+ 8.2

Video-Aligned Acc

58.42

X Emotion-LLaMA 27 10.8

i¥: MoSEAR #J Emotion-LLaMA {§EF8%H[E Base Model

Audio-Aligned Acc

65.33

X Emotion-LLaMA #2F 5.4

| EIBRESS
R SRRl RS RF

EMER 60.58

Average + 9.1

MER2023 0.9027
F1 + 0.094

DFEW 64.26
UAR +1.96

ZlREAiNEE R ERE
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Video Masking
Cues Coverage _
Thinking ge SP/:PX)US Question: EL‘
Inertia furrowed brow> I = + Does the video show
contorted exprassion | afrown? GitHub
Video sad eyeg e Masked Video ~ (@EESSG)  Model Answer
)
e slightw\\gpen -nw Expected Answer:
Crying Tone crying tonex® Angry Tone No

HAEA2 [TVEY N=| | zImEE

SETHABEEE, RS SSEIEE, 2 pan . Zhu et
?Eﬂiif%ﬁﬂiﬁﬁ%%?éﬁiiﬂ@ iﬂ%iﬁiﬁ:ﬁﬁ?ﬂﬂiﬁi@ﬁ)\ Omni-Perception Policy Optimization

for Multimodal Emotion Reasoning
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Omni-Perception Reward

Omni-Perception Loss

enthusiastic tone, optimistic tone

Cue Set

serious expression, confident body language

audio clues

concern, determination, responsibility

Video

Audio

Masked ]
Video

Audio
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Model _
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Generated Thinking Process

The video shows the man with a

Video

U

Audio

Emotion

UK

- </think>

and considering the

...... we can infer that the phrase might carry an emotional tone of

...... ina
— Rule Verifier “c----»f Accuracy
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MER-UniBench F458

Model Sentiment Analysis Basic Emotion Fine Mean
MOSI MOSEI SIMS  SIMSv2 MER23 MER24 MELD IEMOCAP OV-MERD+
Qwen-Audio (Chu et al., 2023) 70.09 46.90 70.73 6526 41.85 31.61 49.09 3547 3236 49.26
SALMONN (Tang et al., 2024) 81.00 67.03 68.69 6593 5553 45.38 45.62 46.84 45.00 57.89
VideoChat2 (Li et al., 2024a) 66.84 54.32 69.49 70.66  33.67 54.50 36.64 48.70 39.21 52.67
LLaMA-VID (Li et al., 2024b) 61.78 63.89 69.35 6748 50.72 57.60 42.75 46.02 45.01 56.07
Chat-UniVi (Jin et al., 2024) 54.53 63.18 68.15 66.36  57.62 65.67 45.61 52.37 48.00 57.94
mPLUG-OwI (Ye et al., 2023) 72.40 72.91 72.13 75.00 56.86 59.89 49.11 55.54 48.18 62.45
PandaGPT (Su et al., 2023) 61.92 67.61 68.38 6723 40.21 51.89 37.88 44.04 37.12 5292
R1-Omni (Zhao et al., 2025a) 58.02 56.48 71.82 68.58  64.17 67.43 43.20 51.58 55.24 59.61
Emotion-LLaMA (Cheng et al., 2024) 66.13 67.66 78.32 77.23  59.38 73.62 46.76 5547 52.97 64.17
AffectGPT (Lian et al., 2025a) 81.30 80.90 88.49 86.18  78.54 78.80 55.65 60.54 62.52 74.77
AffectGPT-R1 (Lian et al., 2025¢) 79.65 80.18 87.26 85.75 8451 93.13 66.71 74.26 68.39 79.98
AffectGPT (Last Checkpoint) 78.30 78.51 85.28 8531  73.69 76.90 52.09 57.74 59.89 71.96
AffectGPT-R1 (Reproduce) 80.29 80.64 85.70 8375 81.88 80.89 57.53 65.71 64.08 75.60
OPPO 86.50 84.63 86.22 88.26 87.73 90.34 64.06 73.60 67.16 81.05

81.05

MER-UniBench Mean

OPPO B8 m=FEIH

+5.45

BxJAffectGPT-R1 I2H

| iERbSELS

MER-UniBench 5 MEP-Bench

Basic Emotion Fine Util. Faithfulness

Sentiment Analysis
Mean

Model Variant

MOSI MOSEI SIMS SIMSv2 MER23 MER24 MELD IEMOCAP OV-MERD+ Recall Acc@V Acc@A

Baseline 8348 8631 8778 86.84 78.16 8270  61.45 67.28 66.86 77.87 58.00  59.20 33.00
+ Romni 8483 85.04 8648 86.95 85.40 8590  63.37 70.03 67.09 79.45 6255  64.80 39.40
+ PAPO 83.47 85.66 86.21  87.36 86.27 87.09  63.28 69.12 65.65 79.34 5829  62.00 34.60
+PAPO-dual 84.98 8506 8847 86.72 84.96 86.11 63.07 67.51 66.20 79.23  60.58  65.20 34.80
+ Tomni(0) 8650 84.63 8622  88.26 87.73 90.34  64.06 73.60 67.16 81.05 70.44  76.40 50.60

1842 Baseline BYIRTH

+17.20

Acc@V

+12.44

Recall

+17.60

Acc@A

Reward g2 . Loss i#

REREE — I RGIRSIAE
AENEREATIRES B
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Multimodal Input
. [l slow Thinking [l Fast Thinking  [JJlf MER-R1(ours)

Audio Text
"What was that? ovmg:zm
.|I|.||||||||| ||||||.|||.|||..|... ot :
’ 90
SIMSv2 MER2023

Slow-Fast Synergy Fast Thinking

SIMS MER2024
Step-by-step deliberation Fast-guided slow reasoning Direct intuition
ST CMUMOSI MELD
Observe cues: Fast 11'1t111ft1011: Immediate cues: — g
— surprise, rear, wWorr’ ———

Halnd near chest fear . 2 y widened eyes / hand near chest n 705 Y
Widened eyes — brief surprise P, « »

Slow selectivity: That scared me!

worry is down-weighted CMUMOSEI IEMOCAP

Deliberative thinking:

Fear evidence dominates. Slow-Fast synergy: Qm.(k SR Z. Han, B. Zh u, W. TOﬂg, et aI.

Surprise is down-weighted. ki ise, f trigger early answer o
p! g ® eep surprise, fear @ & @ Thinking paradox:

Answer: {fear} Answer: {surprise,fear} Answer: {surprise,fear,worry } Fast thinking outperforms slow thinking.

(misses surprise) (accurate and supported) (unsupport worry) M ER- R1 . Multimodal Emotion
Slow-fast thinking synergy: . . _ . .
@ Too cautious © alanced and accurate @ Intuitive but noisy MER-R1 combines intuition and deliberation. Rea soni ng via S I ow Fa st Th In kl ng
Synergy

(a) Mativating example (b) Evaluation summary on 9 datasets

Bir: MSREEN BEESERENERE

arXiv preprint, 2026
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| MER-R1 Framework

Multimodal Emotion Input Policy Model O, Reward & Advantage Computation

o O
2
EE 'Illl' % : Aguali = Ari + Api Al = A +4A; Afmt,g

video audio text Ok

| IRETRAFE | RIEB(SERE

Dual-Objective Disentanglement Slow-Fast Confidence Calibration

Reward Disentanglement Advantage Disentanglement | ™ sioweonfidence M Fast confidence (©) correct category £
Rr; = \y|2|g| Ay = M % RS = BecerAi(e) Af
N ) R © ® incorrect category £~
N
RP,i _ |y _ g| APi — M fear@  surprise happy worried R — Eeeg.’ —_ Az(e) A7
Y| ’ op Prediction i
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MER-UniBench | MME-Emotion

EE l:l /\ EE
ZESBRRRBISBERD T SUEBRMIEE
Model Fine (F1) Basic Emotion (Hitrate) Sentiment Analysis (WAF) Mean
OV-MERD+ MER23 MER24 MELD IEMOCAP MOSI MOSEI SIMS  SIMSv2 Methods ER-Lab ER-Wild FG-ER FG-SA ML-ER Noise:ER IR SA Mean
Qwen-Audio [32] 32.36 41.85 31.61 49.09 3547 7009 4690 7073 6526 49.26 Rec. Rea.  CoT
S{\LMONN[33] 45.00 55.53 4538  45.62 46.84 8100 67.03 6869 6593 57.89 PandaGPT [38] 285 32 252 414 289 263 92 377 216 384 300
VideoChat2 [34] 39.21 33.67 5450  36.64 4870 66.84 5432 6949 7066 52.67 Emotion-LLaMA [27]  31.7 197 317 364 295 493 273 407 21l a4 38
LLaMA—-V¥D[35] 45.01 50.72 5760 4275 4602 6178 6389 6935 6748 56.07 AffectGPT [11] 35.0 3.8 106 442 313 507 300 479 197 574 386
Chat-UniVi [36] 48.00 57.62 65.67  45.61 5237 5453 6318 68.15 6636 57.94 Baseline 470 40.8 350 356 377 59.0 4 587 270 627 453
mPLUG-Owl [37] 48.18 56.86 59.89  49.11 5554 7240 7291 7213 75.00 6245 VideoAuto-R1 [26] 494 444 02 31 373 648 108 567 45 588 466
PandaGPT [38] 37.12 40.21 51.89  37.88 4404 6192 6761 6838 6723 5292 MER_RA 573 496 387 372 422 721 339 629 384 646 515
R1-Omni [30] 55.24 64.17 6743  43.20 51.58 5802 5648 71.82  68.58 59.61
Emotion-LLaMA [27] 52.97 59.38 7362  46.76 5547 66.13  67.66 7832 7123 64.17
AffectGPT [11] 62.52 78.54 78.80  55.65 60.54 8130 8090 8849  86.18 74.77
AffectGPT-R1 [15] 68.39 84.51 93.13 6671 7426 7965  80.18 8726 8575 79.98
AffectGPTT 59.89 73.69 7690  52.09 5774 7830 7851 8528 8531 71.96
AffectGPT-R17 64.08 81.88 80.89  57.53 6571 8029 80.64 8570  83.75 75.60
Baseline 66.86 78.16 8270  61.45 6728 8348 8631 8778  86.84 77.87 ° ° °
MER-R1 70.68 88.60 9296  71.90 78.10 86.06 86.73 88.04  88.48 83.50
Recall Reasoning CoT
= hi
83.50 +5.63 8 IRFIESSH 6 TNRih
MER-UniBench Mean tH%¢ Baseline 1£H

MER-R1 BV BRSFEIIH MER-R1 B S =2 14EE
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Model Mode Fine (F1) Basic Emotion (F1) Sentiment Analysis (WAF) R-Mean Mean
OV-MERD+ MER23 MER24 MELD IEMOCAP MOSI MOSEI SIMS SIMSv2
Baseline Fast 66.87 61.92 6437 46.18 53.13 86.03 86.47 8748 87.60 5849 71.11
! Slow 66.86 60.58 65.06 46.20 51.86 8348 8631 87.78 86.84 58.11 70.52
VideoAuto-R 1 Fast 69.67 65.09 6738 46.77 56.33 86.21 86.05 86.20 87.93 61.05 72.40
Slow 69.49 64.20 67.20  46.36 5532 85.75 85.86 86.27 87.83 60.51 72.03
MER-R1 Fast 70.10 64.41 67.21  46.89 55.71 8530 87.43 88.57 8749 60.86 72.56
) Slow 70.68 6543 68.46 48.70 55.73 86.06 86.73 88.04 88.48 61.80 73.14
Sejo== ”
| idRd2: RiEHH
(1) OV-MERD+ (2) MER2023 (3) MER2024 () MELD (5) IEMOCAP MER-R1 Slow Thinking Baseline Slow Thinking
i £ 47
. (=]
60 8 -3 g
80 S & © 34
8 @ 407 = £
o} 3 5 2
x o S -4 i
60 o ! c 2
20 g 3
D
S
4‘0 T T T T O T T T T '5 T T T T 1 T T T T T
@ ® ® 6 ® & @ 06 CRONORONO) ORONE)

Baseline -0.38
VideoAuto-R1 -0.54
MER-R1 +0.94
{2 MER-R1
SLINEBE/RIE

e Recall =H
e Precision =5
o IFXEB(EE e
o E(EEFR X

MER-R1 BE{ENS
BiEEHRSNE
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Turn 1

SR
¢ f I just feel ‘ Needs
Rt &exhausted./reassurance
@ Immediate emotional

! comfort matters most. |

Turn 2

B bl we
is keep P
\happening?/ clarification

=<1 2 e

@ Insight and reframing '
gain more important. |

Turn 3
,— - S
1]'5’] [ What | Needs
/ should | -
mobilization

i;%_: A0 donext? )

E o Actionable support
;Jﬂf becomes the priority. |

O e %

Cognitive Affective Proactive
30% 55% 15%

| ] [}
Rubrics

¢ Validate emotional feelings
* Offer warm reassurance

® O =z

Cognitive Affective Proactive
50% 30% 20%
L | -

Rubrics
¢ Clarify underlying concerns

* Reframe difficult situations

<& O F

Cognitive Affective Proactive
10% 25% 65%
[ [
Rubrics
¢ Suggest feasible actions
* Support user agency

HiGOSRHE—ZE
HiFetFIBERERMERES
Rubric, BHBBISNRERE
NEMES

MBRHERAEERuUbric
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| SIBER

P. Huang, Z. Han, W. Tong, et al.

Evolving Support Priorities in
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Table 2: Scaling and frontier comparison on EQBench3 under DeepSeek-V4-Pro. We compare
Base and CARE-enhanced Qwen3 models from 8B to 32B, together with strong frontier LLMs.

Model Overall Dol ER DE WRM HL PEI SD
GPT-5.5 83.35 17.57 16.98 16.64 14.32 16.72 16.72 16.16
Gemini-2.5-Pro 82.65 17.71 16.73 17.00 15.31 17.31 15.81 15.85
Claude-Sonnet-4.6 79.30 17.52 16.48 15.38 13.35 15.54 14.00 13.88
DeepSeek-V4-Pro-1.6T  77.75 16.91 16.14 15.69 13.73 16.31 13.96 13.69
Qwen3.7-Max 76.60 17.00 15.51 15.65 13.23 14.92 14.58 13.77
GLM-5.2-753B 74.90 16.84 15.43 14.62 12.46 15.12 13.35 12.92
Owen3-8B

Base 61.60i0497 13-72i0.25 1287i 0.18 12.56i0412 11-04i0.04 11671 0.72 11-01i0463 9-67i0464

CARE (R) 68.22i 1.59 14-47i0.29 14-09i 0.20 14-25i0457 12-37i0.35 13.551 0.10 12-99i0472 12.1 1i0.72
Owen3-14B

Base 68.88:|:0_93 15.28:&0,17 14.261 0.26 14.06:|:()_37 12.72;&0,02 1382i 0.42 12~57:|:0,46 11.791 0.41

CARE (R) 73.98.17315.88102815.24103615.11103413.46401114.97102314.08404713.374+046
Owen3-32B

Base 73.50:|: 1.34 16.07:|: 0.22 14.89i 0.34 14.50:|: 0.24 12.72:|: 0.66 14.85:|: 0.55 14.04:|: 0.04 13.23:|: 0.35

CARE (R) 76.35:|: 2.50 16.35:|:0‘46 15-99:t 0.83 14‘.76:|:()410 13.03:|:0‘45 15.38:|: 0.70 14'41:|:0448 13.80:|:0‘72

32B CARE (R) 76.35 = Qwen3.7-Max 76.60 > GLM-5.2-753B 74.90

14B CARE (R) 73.98 > Qwen3-32B Base 73.50
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Q User: I've been really frustrated lately. My girlfriend

insists on breaking up with me. Nothing | say seems
to make any difference.

Assistant: | can hear how much this hurts. It's not
that you don't want to help — it's that you're being
pulled in both directions emotionally, and you're
terrified that saying the wrong thing might push her
further away. What's eating at you right now might
not be "she's still hesitating," but rather that you don't
know what choice to make — and she's choosing
you too, in her own way. Maybe we don't rush into
persuading her just yet. Could we first try to hear
what's hurting her? Where would you like to pause
for a moment? I'm here.

User: I've given her gifts, I've had serious talks with
her, and all she does is brush me off with one
sentence: "l just don't want it." What else am |
supposed to do?

Assistant: | feel for you. It's possible she's terrified
and falling apart inside, and the only way she knows
to cope is to shut everything down with hard words.
Maybe, before you rush to prove how much you care,
try asking her this: "Would you be willing to talk
about why you're in such a hurry?"I'm not saying you
have to fully understand her. Just give yourself
permission to hear her fear first.

User: I've done everything I'm supposed to do, and
she just won't appreciate it. She won't even listen.
What else can | do?

| Zfl—: IAHIHIBES

e

@Generated Rubrics

A. Cognitive Empathy Wi

reframed, moving beyond a simple ‘advice’ request.
Criteria
Accurately Captures the Core Conflict:

Assesses how precisely the response grasps the | Score Range

user's central tension between his caring efforts 0-5
and his partner's emotional shutdown.
Reframes the User's Perspective:

Evaluates whether the response offers a new,  ScoreRange

compassionate lens that shifts the user's view 0-5
from personal failure to relational complexity.

B. Affective Empathy

Rationale: Affective Empathy is weighted second because the user's
emotional state is raw and vulnerable, requiring strong validation to

build trust before any cognitive reframing or action can land.

Criteria
Validates the Pain of Being Unheard:
Measures how deeply the response Score Range
acknowledges and resonates with the user's hurt 0-5

over having his love and care rejected.

Conveys a Non-Judgmental and Patient Tone:

Gauges the warmth, safety, and unconditional Score Range
acceptance conveyed through the response's 0-5
language and attitude.

C. Proactive Empathy

Rationale: Proactive Empathy is weighted slightly lower because the
user is in a state of emotional shutdown, and pushing for action too

soon would be counterproductive.
Criteria

Paces Support by Prioritizing Listening:

Assesses whether the response holds space for  Score Range
the user's emotional state before nudging toward 0-5
any action or solution.

Offers an Open-Ended and Gentle Invitation:

Evaluates how naturally and lightly the response  Score Range
invites further reflection, without pressure or 0-5
prescription.

Rationale: Cognitive Empathy is weighted highest because the user's
core need is to have his complex situation accurately understood and

Assistant Response

Assistant: If she can't bear to listen, stop pouring
words in. Ask her honestly: "What's the one thing you
need most from me right now—for me to stop pushing
and just be there?" Maybe she's not rejecting you—just
in too much pain to do anything but shut down. You
don't need to prove that the gifts and the serious talks
weren't enough. I'm here.

Cognitive Empathy

Accurately Captures the Core Conflict:

[4] Deeply understands the user's sense of being Score
trapped between his love and his partner's 4
refusal to listen.

Reframes the User's Perspective:

[5] Provides a profound and gentle reframe that Score
transforms the user's understanding of the 5
situation from a personal failure to a complex
relational crisis.

Affective Empathy

Validates the Pain of Being Unheard:

[4] Deeply validates the specific pain of having Score
one's care rejected, making the user feel truly

seen.

Conveys a Non-Judgmental and Patient Tone:

[5] Embodies a deeply passi and patient Score
presence that feels like a safe harbor for the

user's distress.

Proactive Empathy

Paces Support by Prioritizing Listening:

[5] Masterfully paces the support, creating space Score
for the user to simply be with his feelings

without any pressure to move on.

Offers an Open-Ended and Gentle Invitation:

[5] Creates a perfectly attuned, open-ended Score
invitation that feels like a natural and safe next 5
step for the user to explore his feelings at his

own pace.
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Q User: Lately... he hasn't really wanted to go out
much.

Q Assistant: Maybe he just needs some time to
decompress after everything that's been going on.
Try easing him into it without putting too much
pressure on him — just getting him out the door once
is enough. Even if it's just sitting outside the shop
downstairs and feeling the breeze, that counts.

@ User: I've tried so many times, but every time he
says no, | just feel even more lost about what to do.

Q Assistant: When he says no, it might not be that he
doesn't care about you — he may just find it really
hard to handle that kind of "someone else planning
his every move" energy. Next time, try loosening
your grip just a little. Instead of "let me take you out,"
try saying: "I'd like to go out with you for a bit —
where would you want to go?" Let him choose, and
give him room to back out. If he still says no, you
could let out a soft chuckle first — don't rush to patch
things up. Say lightly: "I get that you don't want to go.
That's okay." He might actually start to meet you
halfway, bit by bit. You're not begging him to
change — you're just gently keeping him company.

Q User: I've tried letting him choose, but when he still
says no, | can't help feeling like I'm just not good
enough as a father.

| =HI=: BRERBES

@ B. Affective Empathy m
Rationale: The user's primary need is emotional validation for their

©

@Generated Rubrics

A. Cognitive Empathy t: 0.30
Rationale: Understanding the user's specific, self-blaming logic is
foundational to this turn, but the primary need is emotional repair.

Criteria

Accurately Captures the Self-Blame Logic:

Assesses how precisely the response identifies | Score Range
the user's core belief that their own efforts 0-5
caused their son's rejection.

Contextualizes the Situation Accurately:

Evaluates how faithfully the response stays  ScoreRange
grounded in the user's described history of 0-5
attempts and the son's persistent withdrawal.

deep-seated guilt, making this the most critical category for this
turn.

Criteria
Validates the Pain of Parental Guilt:
Measures how deeply the response Score Range
acknowledges and resonates with the user's 0-5

crushing sense of failure as a parent.

Conveys Warmth and Emotional Safety:

Gauges the degree of gentle, non-judgmental, ScoreRange
and  holding presence  the response 0-5
communicates to the user in their shame.

C. Proactive Empathy

Rationale: While offering a new perspective is helpful, it must follow
emotional validation to be effective and not feel dismissive.

Criteria
Offers a Non-Judgmental Perspective:
A heth the resp provides a  ScoreRange
compassionate reframe that helps reduce the 0-5
user's self-blame without assigning fault.
Resp the User's Aut y:
Evaluates how fully the response preserves the Score Range
user's sense of choice and control over their own 0-5

next steps.

p Assistant Response

N

Assistant: | don't think that's true. You're placing
yourself squarely in the role of "the father" right now —
so you end up interpreting his withdrawal as a verdict
on your ability. Next time he says no, try not to be the
judge first. Just say: "Alright, that's fine. Your comfort
comes first." It's okay that he said no, and you haven't
failed. Start by learning to accept each other's "no" —
that's already hard enough in itself.

Cognitive Empathy

Accurately Captures the Self-Blame Logic:
[5] Deeply understands the user's self-blame as Score
a core, painful belief about their parental identity. 5

Contextualizes the Situation Accurately:
[4] Integrates the history of failed attempts and the Score
user's persistent hope.

Affective Empathy

Validates the Pain of Parental Guilt:

[5] Creates a profound sense of being Score
understood in the user's deepest, most 5
vulnerable fear about their parental role.

Conveys Warmth and Emotional Safety:

[5] Makes the user feel completely held and safe Score
in their moment of shame, as if with a trusted
confidant.

Proactive Empathy

Offers a Non-Judgmental Perspective:

[5] Offers a profound, non-judgmental insight Score
that fundamentally shifts the user's perspective 5
on the situation.

Resp the User's Aut B

[5] Fully honors the user's experience and leaves Score
them feeling in complete control of their next 5
steps.
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@ User: The pipe at my mom's place is still leaking,
and my brother can't even be bothered to call a
plumber.

Q Assistant: Your brother probably isn't doing it on
purpose to piss you off. He might just feel like getting
yelled at and patching up problems is too draining.
Maybe try coming at it from a different angle:

"Yeah, this really sucks, and no one's stepping up to
help. Can we take a breather before dealing with it?
Don't rush to chew him out just yet."

Q User: Take a breather? Every day that pipe leaks is
another day my mom has to put up with it. If he'd just
show a little initiative, it wouldn't have dragged on
this long.

Q Assistant: Man, your frustration is real — anyone
would be worried sick for their mom in this situation.
But your brother might have spent his whole life
avoiding the double whammy of "getting scolded"
plus "spending money." You've got to stop casting
him as the villain first. If he could take the initiative,
that'd be ideal, of course. But right now, slowing
things down isn't the same as sweeping it under the
rug. You could try easing the pressure on him first —
"Let's pause the lecture for now. When your sister
has some free time, she'll help sort it out." That
creates some distance. Don't let the emotions
escalate into an even bigger fight.

@ User: Who's going to pay for it? My brother won't
even spring for a faucet, and I'm just supposed to sit
here swallowing my anger? Like that's going to help?

©

@ Generated Rubrics
A. Cognitive Empathy

Rationale: Understanding the user's explicit financial and emotional
burden is foundational, but the primary need is for actionable support,
so this category is weighted slightly lower.

Criteria

Accurately Captures the Emotional Burden:

Assesses how precisely the response identifies the Score Range
user's sense of being unfairly shouldered with both ~ 0-5
costs and responsibility.

Grasps the Dynamic of Passive Resistance:

Evaluates how clearly the response recognizes | Score Range
the brother's pattern of inaction and its 0-5
frustrating impact on the user.

B. Affective Empathy

Rationale: Validating the user's frustration is crucial for building
trust, but the user's explicit request for a solution makes emotional
validation a supporting, not leading, element.

Criteria

Validates Frustration with Specificity:

Measures how directly and warmly the response  Score Range

acknowledges the user's anger and exhaustion 0-5

tied to the specific unfair distribution.

Conveys a Non-Judgmental and Supportive Tone:

Gauges the degree of respect, care, and ScoreRange
ional safety cor icated in the r 0-5

C. Proactive Empathy

Rationale: The user's explicit request for a solution and the history
of advice-seeking make actionable, practical support the highest
priority.

Criteria
Provides Acti and Practical
Assesses whether the response offers concrete,  Score Range
feasible steps that directly address the user's 0-5

financial and relational deadlock.

Empowers the User to Take Control:

Evaluates how clearly the response frames ScoreRange
actionable options that reinforce the user's 0-5
agency and capacity to move forward.

Assistant Response

Assistant: Give him a little grace — someone needs
to step in first and say: "Your sister is seriously
stressed right now. Let me cover half for you — just
look up some quotes, and don't let all this anger boil
over." What comes through in saying this is that you
don't want things to fall apart — you're not just trying to
make him do the work. Don't rush to prove he's
"useless." First, let him see that the money part has a
solution. Get the emotions settled first.

Cognitive Empathy

Accurately Captures the Emotional Burden:
[4] Precisely captures the user's frustration with ~ Score
the unfair financial and emotional distribution. 4

Grasps the Dynamic of Passive Resistance:
[3] Recognizes the brother's pattern of passive Score
resistance and its impact. 3

Affective Empathy

Validates the Pain of Being Unheard:
[3] Validates the frustration by linking it to the Score
specific situation of unfair responsibility. 3

Conveys a Non-Judgmental and Patient Tone:
[2] Is neutral but doesn't actively create a sense Score
of safety.

Proactive Empathy

Paces Support by Prioritizing Listening:

[4] Provides practical, well-tailored solutions Score
that directly address the financial and relational 4
deadlock.

Offers an Open-Ended and Gentle Invitation:
[3] Frames suggestions as options for the user to Score
consider. 3
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